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Abstract: Modern cloud infra structures are geodistributed. Geo distribution offers many advantages
but can increase the total cloud capacity required.
geo-distributed cloud services is a trend in cloud
computing that, by spanning multiple data centers at
different geographical locations, can provide a cloud
platform with much larger capacities. Such a geodistributed cloud is ideal for supporting large-scale
social media and other applications with dynamic
contents and demands. Here challenge for online
services provider is optimizing the monetary cost
spent in using cloud resources while considering
other important requirements, including satisfactory
quality of service (QoS) and data availability to
online services users. This paper proposes efficient
proactive algorithms for dynamic, optimal scaling of
a social media application in a geo-distributed cloud
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1. Introduction
Most large online services are geo-distributed.
Cloud infrastructures make it easy for any
application to become Geo-distributed. Many
techniques have been developed for geo-distributed
application design such as distributed failure
detection and request re-routing, geo-distributed
storage consistency management, data placement.
Most existing cloud systems—e.g., Amazon Elastic
Compute Cloud (EC2)[1][2] and Simple Storage
Service (S3), Microsoft Azure. A geo-distributed
federated cloud is ideal for supporting large-scale
social media streaming applications. Social network
applications (e.g., Facebook, Twitter, Foursquare)
are famous over the Internet today, and they are
combined with conventional applications, such as
multimedia streaming, to produce new social media
applications, e.g., YouTube-like sites. Compared to
traditional Internet video services, social media
applications feature highly dynamic contents and
demands since most of their videos are short, e.g.,
several minutes, a latency of more than a few tens of
seconds would be intolerable to a viewer. It is
therefore challenging to design and scale a social
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media
application cost-effectively.
1.
Our system is to optimize the cost for the dynamic
online services on multiple geo-distributed clouds
over consecutive. time periods while meeting predefined QoS and data availability requirements. We
first model the cost, the QoS, and the data
availability of the online services which service upon
clouds. Our cost model approximates the total cost of
online services over consecutive time periods when
the online services like social sites are large in user
population but moderate in growth, enabling us to
achieve the optimization of the total cost by
independently optimizing the cost of each period.
Our QoS model links the QoS with online services
users' data locations among clouds. For every user,
all clouds available are sorted in terms of a certain
quality metric. Our data availability model relates
with the minimum number of replicas maintained by
each online services user. We then formulate the cost
optimization problem that considers QoS and data
availability requirements.

1.1 Existing System
Existing work on Online services providing either
pursues least cost in a single site without the QoS
concern as in the geo-distribution case or aims for
least inter-data-center traffic in the case of multiple
data centers without considering other dimensions of
the service, e.g., data availability. More importantly,
the models in all such work do not capture the
monetary cost of resource usage and thus cannot fit
the cloud scenario. Most optimization research on
multi cloud and multi-data-center services is not for
online services.

1.2 Literature Survey
A. Multilevel algorithms for partitioning
power-law graphs
Graph partitioning is an enabling technology for
parallel processing as it allows for the effective
decomposition of unstructured computations whose
data dependencies correspond to a large sparse and
irregular graph. Even though the problem of
computing high-quality partitioning of graphs arising
in scientific computations is to a large extent wellPage 144
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understood, this is far from being true for emerging
HPC applications whose underlying computation
involves graphs whose degree distribution follows a
power law curve. This paper presents new multilevel
graph partitioning algorithms that are specifically
designed for partitioning such graphs. It presents new
clustering-based coarsening schemes that identify
and collapse together groups of vertices that are
highly connected. An experimental evaluation of
these schemes on 10 different graphs shows that the
proposed algorithms consistently and significantly
outperform existing state-of-the-art approaches.
B. Volley: Automated data placement for geodistributed cloud services
As cloud services grow to span more and more
globally distributed datacenters, there is an
increasingly urgent need for automated mechanisms
to place application data across these datacenters.
This placement must deal with business constraints
such as WAN bandwidth costs and datacenter
capacity limits, while also minimizing userperceived latency. The task of placement is further
complicated by the issues of shared data, data interdependencies, application changes and user mobility.
We document these challenges by analyzing monthlong traces from Microsoft's Live Messenger and
Live Mesh, two large-scale commercial cloud
services.
We present Volley[11], a system that addresses
these challenges. Cloud services make use of Volley
by submitting logs of datacenter requests. Volley
analyzes the logs using an iterative optimization
algorithm based on data access patterns and client
locations, and outputs migration recommendations
back to the cloud service.
To scale to the data volumes of cloud service
logs, Volley is designed to work in SCOPE , a
scalable MapReduce-style platform; this allows
Volley to perform over 400 machine-hours’ worth of
computation in less than a day. We evaluate Volley
on the month-long Live Mesh trace, and we find that,
compared to a state-of-the-art heuristic that places
data closest to the primary IP address that accesses it,
Volley simultaneously reduces datacenter capacity
skew by over 2×, reduces inter-datacenter traffic by
over 1.8× and reduces 75th percentile user-latency
by over 30%.
C. Characterizing user behavior in online social
networks
Understanding how users behave when they connect
to social networking sites creates opportunities for
better interface design, richer studies of social
interactions, and improved design of content
distribution systems. In this paper, we present a first
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of a kind analysis of user workloads in online social
networks. Our study is based on detailed clickstream
data, collected over a 12-day period, summarizing
HTTP sessions of 37,024 users who accessed four
popular social networks: Orkut, MySpace, Hi5, and
LinkedIn. The data were collected from a social
network aggregator website in Brazil, which enables
users to connect to multiple social networks with a
single authentication. Our analysis of the clickstream
data reveals key features of the social network
workloads, such as how frequently people connect to
social networks and for how long, as well as the
types and sequences of activities that users conduct
on these sites. Additionally, we crawled the social
network topology of Orkut, so that we could analyze
user interaction data in light of the social graph. Our
data analysis suggests insights into how users
interact with friends in Orkut, such as how frequently
users visit their friends' or non-immediate friends'
pages. In summary, our analysis demonstrates the
power of using clickstream data in identifying
patterns in social network workloads and social
interactions. Our analysis shows that browsing,
which cannot be inferred from crawling publicly
available data, accounts for 92% of all user activities.
Consequently, compared to using only crawled data,
considering silent interactions like browsing friends'
pages increases the measured level of interaction
among users.
2. Proposed

System

After going through the existing system and the
literature survey we have figured out that there are a
lot of problems in it. So, what we propose is a
solution to develop system that can be useful in cost
optimization for online services on geo distributed
cloud. This system has four modules as follows
i. OSN System Construction Module
In the first module, we develop the Online
Social Networking (OSN) system module. We build
up the system with the feature of Online Social
Networking. Where, this module is used for new user
registrations and after registrations the users can
login with their authentication. Where after the
existing users can send messages to privately and
publicly, options are built. Users can also share post
with others. The user can able to search the other
user profiles and public posts. In this module users
can also accept and send friend requests.
With all the basic feature of Online Social
Networking System modules is build up in the initial
module, to prove and evaluate our system features.
Clouds and OSN users are all geographically
distributed. Without loss of generality, we consider
the single-master–multi-slave paradigm.
ii.

Modeling the Storage & Intercloud
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Traffic Cost
In this module, we develop modeling the Storage and
intercloud Traffic Cost of OSN, which is commonly
abstracted as a social graph, where each vertex
represents a user and each edge represents a social
relation between two users. In this module we
calculate the Storage Cost. A user has a storage cost,
which is the monetary cost for storing one replica of
her data (e.g., profile, statuses) in the cloud for one
billing period. Similarly, a user has a traffic cost,
which is the monetary cost during a billing period
because of the intercloud traffic. As mentioned
earlier, due to social locality, in our settings the
intercloud traffic only involves writes (e.g., posting
tweets, leaving comments). We do not consider
intracloud traffic, no matter read or write, as it is free
of charge. A user has a sorted list of clouds for the
purpose of QoS
iii) Modeling the Redistribution Cost
An important part of our cost model is the cost
incurred by the optimization mechanism itself, which
we call the redistribution cost. We generally envisage
that an optimization mechanism is devised to
optimize the cost by moving data across clouds to
optimum locations, thus incurring such cost. The
redistribution cost is essentially the intercloud traffic
cost, but in this paper we use the term intercloud
traffic to specifically refer to the intercloud write
traffic for maintaining replica consistency, and treat
the redistribution cost separately
iv) Approximating the Total Cost
Consider the social graph in a billing period. As
it may vary within the period, we denote the final
steady snapshot of the social graph in this period, and
the initial snapshot of the social graph at the
beginning of this period. The storage cost in is for
storing users' data replicas, including the data
replicas of existing users and of those who just join
the service in this period. The intercloud traffic cost
in is for propagating all users' writes to maintain
replica consistency. The redistribution cost is the cost
of moving data across clouds for optimization; it is
only incurred at the beginning of a period. There is
also some underlying cost for maintenance.

Fig -1: System Architecture
3. Conclusions
We propose to study the problem of optimizing the
monetary cost spent on cloud resources when
deploying online services over multiple geodistributed clouds. On the basis of cost of online
services data placement, quality of service (QoS) and
data availability models, we present the optimization
problem of minimizing the total cost while ensuring
the QoS and the data availability.
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